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Research: Factors Analysis of Undergraduate Student’s Retirement Using by

Data mining

Author : Mrs. Kwanrutai Nokkaew
Major Program: Information Technology
Faculty: Faculty of Technology Science and Agriculture

Yala Rajabhat University

Abstract

This research presents an analysis of the factors that affect of undergraduates. Search using
association rules. Which is the data mining techniques for classification. As one technique for
data classification. The high precision of prediction. Because the technique is given to the
relationship with the classification techniques to improve the classification. In this research, a
series of Yala Rajabhat University.. Admission during the year 2550-2553, which will no study
be a student in 1804 has 13 inputs; the researcher analyzed the factors that affect a student's
dismissal. The results of the analysis showed that the two major factors Field study in an

undergraduate student. And education in the high school.

Keyword : Data mining, Associative Classification
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3.3.1 Si‘n’uﬂaumimmﬁm%ga (Data Mining)

? o A 9 v ' A v Ady
‘Uu@ﬂuﬂ’lﬁ%’llﬁu@ﬂﬂlﬂyﬂiﬂﬂLLUQﬂQNN JU

1. dlaldsunsy WEKA

The I.Inhrersmr

of Waikato

Waikate Envircnment for Knowledge Anabysis
Wersion 3.5.8

[c) 1593 - 2012
The University of Waikato
Hamilton, Mew Fealand

SR B e T SN % LW

i 3.1 11500353 WEKA
2. 11laTuga Explorer vad11/56n34 WEKA

Filter

[(Shosse_Jone

Apply
Current relation Selected attribute
Relation: Mone
Instances: Mone

Name: Mone Type: MNone
Attributes: None

Missing: Mone Distinict: None Unique: None
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B o e i ~ [ visualiz= A
Remove
Status
Welcome to the Weka Explorer

-
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Nl Lookin: | | sawum o1uidn - e == Apply
Current relation L I%‘] 1
Relation: Mory .i'.} L] std : None
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Desktop
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- = e ] =
s P e T -

Status
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bWekaExplorEl - ‘ N .. » » - - . lil&lg

‘ Prepfooessl Classify | Clusberl Associate | Select attribubesl V\sualizel
Associator

[ Choose{|Apriori N 10-T0-C 0.9 -D 0.05 -0 1,0-M0.1-5-1.0 - -1 |

Result list {right-click for options)

Status
OK

MNT 3.4 1@OAINANA associations

S
4. 19OANAA associations rule AN TUADUIT PredictiveApriori

0 web Bporm I _TTRAL ™ b | Py Pt g e
Prepr | Classify | Cluster | Assodiate | Select attributes | Vﬂﬂgl :

Associater

PROGRAMNAME=Visual Communication Design course 10 ==> Course=Arts Program - Math .
PROGRAMNZME=FEnglish language 391 ==> Course=Science Curriculum - Mathematics. 2&
PROGRAMNAME=Applied Arts course design 24 ==> Course=Arts curriculum & acc: (0
PROGRAMNAMF=Social studies 41 ==» Course=Arts Program - Mathematics 11 acc: (0
PROGRAMNEME=Accounting field 38 ==> Course=Science Curriculum .- Mathematics. 10
PROGRAMNEME=Community development 88 ==> Course=Arts curriculum 24 acc: (0.269
PROGRAMNAME=Community development 88 ==> Course=Science Curriculum - Mathematics
FROGRAMHAME=Social studies 41 ==> Course=5cience Curriculum - Mathematics. 10
PROGRAMNAME=Rccounting 102 ==> Course=3cience Curriculum — Mathematics. 24 ac
PROGRAMNAME=Management 50 ==> Course=Arts curriculum 11 acc: (0.24541)
PROGRAMNAME=RAccounting field 38 ==> Course=Arts Program — Mathematics 8 acc: {
PROGRAMNAME=Public Relations field 41 == Course=Arts curriculum 2 acc: (0.235
PROGRAMNRME=Public Relaticns field 41 ==> Course=Arts Program - Mathematics 8
PROGRAMNAME=Business computer 56 ==> Course=Arts curriculum 10 acc: (0.22087)
PROGRAMNIAME=Field Marketing 51 ==»> Course=Science Curriculum - Mathematics. 9
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83. PROGRAMNAME=Innovatiwve wisual design. 57 ==» Course=Science Curriculum - Mathema ~
< 1 | r

Status
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=== Run information ===
Scheme: weka.associations.Predictive Apriori -N 100 -c -1
Relation: weka7
Instances: 1804
Attributes: 2
PROGRAMNAME
Course
=== Associator model (full training set) ===

PredictiveApriori

Best rules found:

1. PROGRAMNAME=Computer science 77 ==> Course=Science Curriculum - Mathematics. 77
acc:(0.99336)

2. PROGRAMNAME=Multimedia technology. 43 ==> Course=Science Curriculum - Mathematics. 43
acc:(0.99102)

3. PROGRAMNAME=Microbiology 32 ==> Course=Science Curriculum - Mathematics. 32
acc:(0.98938)

4. PROGRAMNAME=General management. 18 ==> Course=Arts curriculum 18 acc:(0.985)

5. PROGRAMNAME=Biological applications 12 ==> Course=Science Curriculum - Mathematics. 12
acc:(0.98019)

6. PROGRAMNAME=Food Science. 36 ==> Course=Science Curriculum - Mathematics. 35
acc:(0.97407)

7. PROGRAMNAME=Science 33 ==> Course=Science Curriculum - Mathematics. 32 acc:(0.97195)

8. PROGRAMNAME=Physics 29 ==> Course=Science Curriculum - Mathematics. 28 acc:(0.96842)

9. PROGRAMNAME=Biology 23 ==> Course=Science Curriculum - Mathematics. 22 acc:(0.96066)

10. PROGRAMNAME-=IT 86 ==> Course=Science Curriculum - Mathematics. 82 acc:(0.95619)

11. PROGRAMNAME=Chemical 42 ==> Course=Science Curriculum - Mathematics. 40
acc:(0.95582)

12. PROGRAMNAME=Gymnastics 5 ==> Course=Science Curriculum - Mathematics. 5

acc:(0.94377)
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13. PROGRAMNAME=Health education 87 ==> Course=Science Curriculum - Mathematics. 80
acc:(0.92326)

14. PROGRAMNAME=Sports Science. 4 ==> Course=Science Curriculum - Mathematics. 4
acc:(0.92167)

15. PROGRAMNAME=Educational Technology. 18 ==> Course=Science Curriculum - Mathematics. 16
acc:(0.8872)

16. PROGRAMNAME=Cultural studies 3 ==> Course=Arts curriculum 3 acc:(0.88468)

17. PROGRAMNAME=Technology and innovation studies. 3 ==> Course=Science Curriculum -
Mathematics. 3 acc:(0.88468)

18. PROGRAMNAME=Environmental Science 77 ==> Course=Science Curriculum - Mathematics. 64
acc:(0.8257)

19. PROGRAMNAME=Agricultural technology. 2 ==>Course=Science Curriculum - Mathematics. 2
acc:(0.82305)

20. PROGRAMNAME=The aquaculture 2 ==> Course=Science Curriculum - Mathematics. 2
acc:(0.82305)

21. PROGRAMNAME=Agriculture 47 ==> Course=Science Curriculum - Mathematics. 38
acc:(0.80993)

22. PROGRAMNAME=Mathematics 66 ==> Course=Science Curriculum - Mathematics. 52
acc:(0.80016)

23. PROGRAMNAME=Science of administration 82 ==> Course=Arts curriculum 52 = acc:(0.60078)
24. PROGRAMNAME=Accounting 102 ==> Course=Arts Program - Mathematics 61 acc:(0.56918)
25. PROGRAMNAME=Communication. 73 ==> Course=Arts Program - Mathematics 44
acc:(0.56566)

26. PROGRAMNAME=Malay 17 ==> Course=Arts Program - Mathematics 11 acc:(0.56202)

27. PROGRAMNAME=Public Relations field 41 ==> Course=Science Curriculum - Mathematics. 25
acc:(0.55811)

28. PROGRAMNAME=Design Department of Applied Arts 3 ==> Course=Arts curriculum 2
acc:(0.53637)

29. PROGRAMNAME=Computer Studies. 3 ==> Course=Arts Program - Mathematics 2 acc:(0.53637)
30. PROGRAMNAME=Visual Communication Design course 10 ==> Course=Science Curriculum -

Mathematics. 6 acc:(0.5276)
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31. PROGRAMNAME=Marketing 54 ==> Course=Arts Program - Mathematics 29 acc:(0.52303)

32. PROGRAMNAME=Early Childhood Education 49 ==> Course=Arts curriculum 26 acc:(0.52054)
33. PROGRAMNAME=Innovative visual design. 57 ==> Course=Arts Program - Mathematics 30
acc:(0.51885)

34. PROGRAMNAME=Accounting field 38 ==> Course=Arts curriculum 20 acc:(0.51832)

35. PROGRAMNAME=Chinese 31 ==> Course=Science Curriculum - Mathematics. 16 acc:(0.51283)
36. PROGRAMNAME=Language Thailand. 75 ==> Course=Arts curriculum 37 acc:(0.50709)

37. PROGRAMNAME=Social studies 41 ==> Course=Arts curriculum 20 acc:(0.5025)

38. PROGRAMNAME=Business computer 56 ==> Course=Arts Program - Mathematics 27
acc:(0.50176)

39. PROGRAMNAME=Community development 88 ==> Course=Arts Program - Mathematics 41
acc:(0.4957)

40. PROGRAMNAME=Field Marketing 51 ==> Course=Arts curriculum 24 acc:(0.49533)

41. PROGRAMNAME=Applied Arts course design 24 ==> Course=Science Curriculum - Mathematics.
11 acc:(0.47745)

42. PROGRAMNAME=Marketing 54 ==> Course=Arts curriculum 22  acc:(0.43305)

43. PROGRAMNAME=Management 50 ==> Course=Science Curriculum - Mathematics. 20
acc:(0.42253)

44, PROGRAMNAME=Department computers 18 ==> Course=Arts curriculum 7 acc:(0.41283)

45. PROGRAMNAME=Management 50 ==> Course=Arts Program - Mathematics 19 = acc:(0.39067)
46. PROGRAMNAME=Malay 17 ==> Course=Science Curriculum - Mathematics. 6 acc:(0.37783)
47. PROGRAMNAME=Early Childhood Education 49 ==> Course=Arts Program - Mathematics 18
acc:(0.37104)

48. PROGRAMNAME=Chinese 31 ==> Course=Arts curriculum 11 ace:(0.36415)

49. PROGRAMNAME=Department computers 18 ==> Course=Arts Program - Mathematics 6
acc:(0.35657)

50. PROGRAMNAME=English language 91 ==> Course=Arts Program - Mathematics 33
acc:(0.35425)

51. PROGRAMNAME=Field Marketing 51 ==> Course=Arts Program - Mathematics 18 acc:(0.34887)
52. PROGRAMNAME=Innovative visual design. 57 ==> Course=Arts curriculum 20 acc:(0.34396)

53. PROGRAMNAME=English language 91 ==> Course=Arts curriculum 32 acc:(0.34178)
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54. PROGRAMNAME=Language Thailand. 75 ==> Course=Arts Program - Mathematics 26
acc:(0.33605)

55. PROGRAMNAME=Business computer 56 ==> Course=Science Curriculum - Mathematics. 19
acc:(0.32956)

56. PROGRAMNAME=Science of administration 82 ==> Course=Arts Program - Mathematics 27
acc:(0.31751)

57. PROGRAMNAME=Department computers 18 ==> Course=Science Curriculum - Mathematics. 5
acc:(0.30671)

58. PROGRAMNAME=Applied Arts course design 24 ==> Course=Arts Program - Mathematics 7
acc:(0.30512)

59. PROGRAMNAME=Communication. 73 ==> Course=Science Curriculum - Mathematics. 21
acc:(0.28052)

60. PROGRAMNAME=Visual Communication Design-course 10 ==> Course=Arts curriculum 2
acc:(0.28044)

61. PROGRAMNAME=Visual Communication Design course 10 ==> Course=Arts Program -
Mathematics 2  acc:(0.28044)

62. PROGRAMNAME=English language 91 ==> Course=Science Curriculum - Mathematics. 26
acc:(0.27833)

63. PROGRAMNAME=Applied Arts course design 24 ==> Course=Arts curriculum 6 acc:(0.27517)
64. PROGRAMNAME=Social studies 41 ==> Course=Arts Program - Mathematics 11 acc:(0.27316)
65. PROGRAMNAME=Accounting field 38 ==> Course=Science Curriculum - Mathematics. 10
acc:(0.2714)

66. PROGRAMNAME=Community development 88 ==> Course=Arts curriculum 24 acc:(0.26919)
67. PROGRAMNAME=Community development 88 ==> Course=Science Curriculum - Mathematics. 23
acc:(0.26196)

68. PROGRAMNAME=Social studies 41 ==> Course=Science Curriculum - Mathematics. 10
acc:(0.25975)

69. PROGRAMNAME=Accounting 102 ==> Course=Science Curriculum - Mathematics. 24
acc:(0.24619)

70. PROGRAMNAME=Management 50 ==> Course=Arts curriculum 11 acc:(0.24541)

71. PROGRAMNAME=Accounting field 38 ==> Course=Arts Program - Mathematics 8 acc:(0.24436)
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PROGRAMNAME=Public Relations field 41 ==> Course=Arts curriculum 8 acc:(0.23529)

PROGRAMNAME=Public Relations field 41 ==> Course=Arts Program - Mathematics 8

acc:(0.23529)

74.

75.

PROGRAMNAME=Business computer 56 ==> Course=Arts curriculum 10 acc:(0.22087)

PROGRAMNAME=Field Marketing 51 ==> Course=Science Curriculum - Mathematics. 9

acc:(0.22073)

76.

77.

PROGRAMNAME=Accounting 102 ==> Course=Arts curriculum 17 acc:(0.2014)

PROGRAMNAME=Language Thailand. 75 ==> Course=Science Curriculum - Mathematics. 12

acc:(0.19967)

78.

79.

PROGRAMNAME=Chinese 31 ==> Course=Arts Program - Mathematics 4 acc:(0.1826)

PROGRAMNAME=Educational Technology. 18 ==> Course=Arts Program - Mathematics 2

acc:(0.17662)

80.

PROGRAMNAME=Environmental Science 77 ==> Course=Arts Program - Mathematics 11

acc:(0.17611)

81.
82.

&3.

PROGRAMNAME=Mathematics 66 ==> Course=Arts Program - Mathematics 9 acc:(0.17068)
PROGRAMNAME=Agriculture 47 ==> Course=Arts Program - Mathematics 6 acc:(0.16781)

PROGRAMNAME=Innovative visual design. 57 ==> Course=Science Curriculum - Mathematics. 7

acc:(0.15287)

84.

85.

5

86.
&7.
88.
89.
90.
91.
92.
93.

94.

PROGRAMNAME=Communication. 73 ==> Course=Arts curriculum 8 acc:(0.12136)

PROGRAMNAME=Early Childhood Education 49 ==> Course=Science Curriculum - Mathematics.

acc:(0.12075)

PROGRAMNAME=Mathematics 66 ==> Course=Arts curriculum 5 -acc:(0.07479)
PROGRAMNAME=Agriculture 47 ==> Course=Arts curriculum 3  acc:(0.06655)
PROGRAMNAME=Marketing 54 ==> Course=Science Curriculum - Mathematics. 3 acc:(0.05709)
PROGRAMNAME=Chemical 42 ==> Course=Arts Program - Mathematics 2 acc:(0.05331)
Course=Arts curriculum 396 ==> PROGRAMNAME=Science of administration 52 acc:(0.04871)
PROGRAMNAME=IT 86 ==> Course=Arts Program - Mathematics 4 acc:(0.04791)

Course=Arts Program - Mathematics 475 ==> PROGRAMNAME=Accounting 61 acc:(0.04769)
PROGRAMNAME=Health education 87 ==> Course=Arts Program - Mathematics 4 acc:(0.04751)

PROGRAMNAME=Science of administration 82 ==> Course=Science Curriculum - Mathematics. 3

acc:(0.04109)
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95. PROGRAMNAME=Health education 87 ==> Course=Arts curriculum 3 acc:(0.03943)

96. Course=Arts curriculum 396 ==> PROGRAMNAME=Language Thailand. 37 acc:(0.03849)
97. Course=Arts Program - Mathematics 475 ==> PROGRAMNAME=Communication. 44
acc:(0.03801)

98. Course=Arts Program - Mathematics 475 ==> PROGRAMNAME=Community development 41
acc:(0.03641)

99. Course=Science Curriculum - Mathematics. 933 ==> PROGRAMNAME=IT 82 acc:(0.0361)
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=== Run information ===
Scheme: weka.associations.Tertius -K 10 -F 0.0-N 1.0-L4-G0-c0-I0-P 0
Relation: weka7
Instances: 1804
Attributes: 2
PROGRAMNAME
Course
=== Associator model (full training set) ===

Tertius

1. /% 0.167617 0.000000 */ PROGRAMNAME = Computer science ==> Course = Science Curriculum -
Mathematics.

2./%0.161617 0.002217 */ PROGRAMNAME = IT ==> Course = Science Curriculum - Mathematics.
3./*0.150061 0.003880 */ PROGRAMNAME = Health education ==> Course = Science Curriculum -
Mathematics.

4./*0.123283 0.016630 */ PROGRAMNAME = Science of administration ==> Course = Arts
curriculum

5./*0.120168 0.000000 */ PROGRAMNAME = Multimedia technology. ==> Course = Science
Curriculum - Mathematics.

6./*0.116514 0.022727 */ PROGRAMNAME = Accounting ==> Course = Arts Program - Mathematics
7./* 0.109005 0.007206 */ PROGRAMNAME = Environmental Science ==> Course = Science
Curriculum - Mathematics.

8./%0.106899 0.001109 */ PROGRAMNAME = Chemical ==> Course = Science Curriculum -
Mathematics.

9./*0.102579 0.000554 */ PROGRAMNAME = Food Science. ==> Course = Science Curriculum -
Mathematics.

10. /% 0.101982 0.000000 */ PROGRAMNAME = Microbiology ==> Course = Science Curriculum -
Mathematics.
Number of hypotheses considered: 382

Number of hypotheses explored: 344
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